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An interactive environment for agile analysis and visualization of ChlP-sequencing data

e Chromatin Immuno-Precipitation sequencing (ChlP-seq) and related methods are becomming widely used.

e With lowered sequencing costs and kits for sample preparation, data analysis and comprehension has become the limiting factor for feasibility.

e Genome browsers are popular tools for visualization of individual loci, but offers limited means for genome-wide abstraction.

e Comprehensive, integrated, and user-friendly tools with ample visualization and data-interaction will improve comprehension and democratize analysis.
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e Graphical user interface
e Point and click with pervasive visualization

e Runson an ordinary Windows PC gt _
e Self-contained __ B T i =3 Reproduction of 34 ChIP-seq figures from Barski et al.,

v e , H — 2s Cell, 129, 4, 2007, done in half an hour showing EaSeq’s
speed and versatility.
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Integration of RNA-seq and histone ChIP-seq data and
identification of interesting transcripts from parkinsonian
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Comprehensive toolset
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Visualizing complex relationships between genomic
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multiple average tracks
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Heatmap with loci put on y-axis
according to quantified parameter
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2D-histograms showing distri-
| bution as expected by chance

Simple line plot showing ave-
| rages from multiple parameters

g
£

Normalized heatmap with loci put
on y-axis according to parameter
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Annotation track to show genes
| and coordinates
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Simple average track of loci
| that updates to show selection
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A Calculate “Phantom peak coeffici-
ent” to measure dataset quality

Calculate numbers in two para-
meters, e.g. ChlP-seq signals
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Depict the co-distribution of two
sets of regions relative to a third

Normalize parameters
— linear, quantile, or LOESS
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Colocalize a set of regions with
features from a set of genes

Quantify the amount of dataset
signals at a set of regions
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Find the overlap between
two or three sets of genes
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Analysis and processing
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